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ABSTRACT

It is difficult to predict with certainty how the outlook for strategic procurement will be in the
next decade, but the current trends of Generative Al have already had a significant impact.
This study aims to analyse the recent research focused on Generative Al strategic
procurement and global supply chains with structured pros and cons of the way they could
impact the strategies. For this purpose, a literature review based on 19 research articles and
studies was performed to identify the areas of strategic procurement where the Generative Al
could effectively perform specific tasks and to formulate shared perspectives for greater
impacts. As with any new technology, the use of Generative Al is not without effort and
setbacks. There are several outstanding topics, and it is important to consider the highlights
and the lowlights when integrating Generative Al into strategic procurement processes.
Based on this analysis, the following areas of the strategic procurement activities, with most
of the value added by the implementation of the new Al technologies, were identified, in this
priority order: 1. Ethical considerations, 2. Market intelligence, 3. Risk management, 4.
Supplier management, 5. Contract management. The results of this research may be of
interest to category procurement professionals. Further research is needed to investigate
cost-effective methods for further development of the Generative Al digital transformation.

KEYWORDS: Al technologies, category procurement, Generative Al, global supply chain,
strategic procurement
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1. INTRODUCTION

After the pandemic, procurement professionals must find solutions for global supply chain
resilience, reliable quality and delivery on time, value chain optimisation, and digital
transformation. (Chowdhury et al., 2021). The latest Al (Artificial Intelligence) technologies
are transforming the global supply chain, improving efficiency and resilience (Toorajipour et
al., 2020). The use of Generative Al brings versatility in many fields of activities, including
strategic procurement (Shekhar et al., 2023).

The prevalence of vast quantities of data and unorganised information, can pose significant
challenges and the unstructured data in strategic procurement can be difficult to handle
efficiently (Assur & Rowshankish, 2022). According to Generative Al (2004), the employees
need extended time with systems and data access, and cross-functional collaboration is
complex within global corporates. There are overlapping and overprocessing due to multiple
digital applications, and specialised expertise is required more often than available. The goal
is to transform these challenges into an efficient and streamlined workflow. Generative Al
assistants are working as an interface between humans and data, driving a revolutionary shift
in the future of enterprise software. According to other authors’ study (Tekin et al., 2024),

1 Bucharest University of Economic Studies, Bucharest, Romania, dijmarescueleonora20@stud.ase.ro

361



Eleonora DIJMARESCU

only 9% of the global enterprises have already implemented Al solutions in their procurement
departments. However, according to the same survey, 65% of procurement professionals
believe that Generative Al will have a significant impact on strategic procurement functions
and productivity in the next few years. Also, there are expected cost savings generated by
using Al technologies and a significant reduction in global supply chain forecast errors
(George et al., 2023; Tekin et al., 2024).

This article aims to draft the outlook of the future trends in strategic procurement. The
utilisation of Al technologies is already present within several areas of activity of operational
procurement where some repetitive processes are subject to robot automation and machine
learning (Krenkova & Sato, 2021); however, in strategic procurement things are much more
difficult to be approached. Category managers are the procurement professionals responsible
for the design of the global supply chain, risk mitigations and contract negotiation (Burlakova
& Ruzhanskaya, 2020). Category procurement encompasses various areas of expertise such as
contract procurement, supplier management, risk management and market and competitor
intelligence (Lorentz et al., 2020) and is further linked with engineering design to cost,
supplier quality manufacturing (Rane, 2023) and total costs of the transportation logistics
(Min, 2010). Adherence to legal and ethical guidelines are also an important aspect the
category professionals have to comply with (Biliavska et al., 2023). For procurement
excellence, global supply chain resilience, cost savings, and proximity to the business and
suppliers are essential. Consequently, the logical question is:

What would be the Strategic Procurement areas with Generative Al applicability and the
logical Al Implementation priorities?

To provide an answer to the above research question, an in-depth review of the specialised
literature was carried out with the main aim of 1. identification of the areas of the strategic
procurement with Generative Al applicability and 2. providing a structured ordering for the
further steps of Generative Al implementation.

Based on this, the following five areas of the strategic procurement activities with most of the
value added by implementing the new Al technologies were identified: 1. Supplier
management, 2. Contract management, 3. Risk management, 4. Ethical considerations and 5.
Market Intelligence.

The study begins with an introductory section presenting the Al definitions and general
framework research in procurement with a focus on category management areas of interest.
Based on highlights and lowlights, there is a logical prioritisation of the Generative Al
implementation priorities within these five focused areas of activities. Finally, there is a
section that contains the conclusions of the study and their significance along with its
implications and limitations.

2. LITERATURE REVIEW

Since its early beginnings, Artificial Intelligence has evolved in the last decade and most
significantly after the pandemic (Toorajipour et al., 2020). Several Al trends are to emerge in
post-pandemic times, such as the increased adoption of automated processes and intelligent
algorithms (Krenkova & Sato, 2021; Dijmarescu, 2023). Artificial Intelligence is the
simulation of human intelligence processes by machines and computer systems (Feuerriegel et
al., 2023). Initially, it was the idea of developing machines capable of imitating human
intellect and accomplishing tasks that necessitate human intelligence (Min, 2010). Over time,
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advancements in technology and computing power have enabled the development of Al
algorithms that can learn from data and make predictions or decisions without being explicitly
programmed (Atwani et al., 2022).

Artificial Intelligence systems work by learning and analysing the data for correlations and
patterns to make predictions of future states (Atwani et al., 2022; Min, 2010) and according to
Microsoft, Artificial Intelligence is the overarching concept focusing on creating machines
capable of replicating human intelligence. Machine Learning uses statistical methods to
automatically learn patterns in the received data and make decisions or predictions. Deep
Learning models consist of a network of neurons, enabled to process data and make decisions.
Generative Al focuses on generating original content from the input data it was trained on.
These Al technologies are able to process large quantities of unstructured data (Feuerriegel et
al., 2023) and are a catalyst leading to new data that boost various use cases in global supply
chain management (Shekhar et al., 2023).

Table 1. Al Technology roadmap — Exponential improvement for each stage

Al Technology Years Definitions

Artificial Intelligence 1950’s | The field of computer science that seeks to create
intelligent machines that can replicate or exceed human

intelligence
Machine Learning 1990’s | Subset of Al that enables machines to learn from existing
data and improve upon that data to make decisions or

predictions
Deep Learning 2010’s | A machine learning technique in which layers of neural
networks are used to process the data and make decisions
Generative Al | 2020’s | Create new written, visual and auditory content given

prompts or existing data

Source: Microsoft, 2023

Further, this article focuses on Generative Al whose main scope is intended to help enhance
human capabilities and to make tasks simple and fast to process (Kaushik et al., 2023). It does
not intend to replace humans, like what people think, due to its integration into everything we
use today (Dash et al., 2019). Generative Al has transformed various sectors and
manufacturing industries and offers a broad range of applications, including within the global
supply chain and strategic procurement (Feuerriegel et al., 2023). The use of Al chatbots in
the global supply chain has evolved significantly over the years (Verma, 2023); currently,
organisations are looking to optimise their supply chain operations (Krenkova & Sato, 2021)
and improve sustainability (Naz et al., 2023).

The latest Generative Al technology is a revolutionary development to reinvent procurement
(Kaushik et al., 2023). Companies that integrate this technology into a strong digital core can
boost innovation and accelerate progress and performance (Lagunas et al., 2023). Generative
Al was identified as one of the technology trends driving the next phase of business
transformation. It significantly improves global supply chain performance by optimising costs
and large data analysis (Assur & Rowshankish, 2022; Wamba et al., 2023). The latest Al
technologies detect patterns to regulate inventory and planning, and hence to minimise lead
times. and also anticipate future demand using historical data, thus improving response to
demand fluctuations (Pournader et al., 2021). Generative Al improves decision-making in
areas such as supplier selection and supplier relationship management, leading to improved
quality and waste reduction (Shekhar et al., 2023). For risk management, Generative Al refers
to the use of advanced algorithms to identify potential risks in the global supply chain and
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develop strategies to mitigate those risks (Kutzner & Caminada, 2024). According to the same
study, Generative Al can help category managers identify potential risks, such as disruptions
in the supply chain due to natural disasters, geopolitical conflicts, or other unforeseen events,
and develop proactive strategies to mitigate risks. This can include identifying alternative
suppliers and developing contingency plans for various scenarios (Atwani et al., 2022).

Generative Al and latest Al technologies can analyse vast amounts of financial data to detect
cyber fraud and to avoid it by making accurate predictions and by optimising data quality
(Dhoni, 2023). Additionally, regulations and policies need to be in place to address
sustainability by ensuring responsible and ethical use of Generative Al (Naz et al., 2023). Al
algorithms can analyse satellite real-time traffic data and optimise routes, reducing congestion
and improving overall transportation costs (Rane, 2023; Toorajipour et al., 2020).

According to several “procurement iceberg” studies (George et al., 2023), what people think
is that Generative Al helps with writing emails, translating texts, or getting the minutes from
meetings real-time transcripts. However, the iceberg procurement consists of what people do
not see. It showcases the strategic category procurement, which could be grouped as the
following five main focused areas: Supplier management (supplier selection, onboarding,
qualification and development, supplier relationship management, spend analysis, and
supplier ecosystems strategies), Contract management (preparation, negotiation and contract
management, administration and order processing), Risk management (supplier insolvency
risks, raw material availability, inventory control, quality control, logistical issues,
geopolitical, overall resilience), Market Intelligence (macroeconomics, energy and raw
material price trends, competition), Ethical regulations (Legal, cybersecurity, ethical usage of
Generative Al).

Procurement is a complex process with many unseen challenges beneath the tip of the iceberg.
While Generative Al is developed to be used for tactical procurement tasks as a procurement
assistant (Waseem et al., 2024), other authors (George et al., 2023) explore its potential to
transform the hidden-category procurement activities. Other studies (Korziynski et al., 2023)
offer a thorough examination of the challenges and prospects connected with Generative Al
which prompt engineering or within the manufacturing processes linked to the digital
transformation (Doanh et al., 2023). Several other bibliometric studies have shown the usage
of Generative Al in the supply chain (Naz, 2023; Rane, 2023; Riahi et al., 2021). Generative
Al is likely to transform category procurement and global supply chain resilience (Belhadi et
al., 2020). It is crucial for organisations to stay updated with the latest developments and
invest in Al talents and infrastructure to fully leverage the benefits of these technologies for
strategic procurement (Ahmed, 2023).

3. RESEARCH METHODOLOGY

As the main purpose of our study is to highlight the important areas of the category strategic
procurement with real needs of digital transformation by Generative Al, a systematic review
of the literature was conducted to uncover these specific areas. Numerous studies were
identified, using keywords such as: “risk mitigation”, “contract management”, “supplier
selection”, “forecast/planning”, “quality”, “ethical”, “geopolitical”, “market intelligence”,
“transportation/ logistics” juxtaposed with “Generative Al/ Artificial Intelligence”. A number
of 19 pieces of research and studies (with a focus on the global supply chain and the category
procurement for the manufacturing industrial sector) were selected as the most suitable for the
purpose of the research. The selection was based on the following criteria: presentation of
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empirical data, publication in a peer-reviewed journal, and publication in the English
language. Following the steps outlined in the literature (Dziopa & Ahern, 2011; Xiao &
Watson, 2019), the study formulated the question, identified relevant research and studies,
structured the topics, and interpreted the findings. The selected pieces of research and studies
were investigated in the attempt to understand what would be the procurement areas with
Generative Al applicability. Thus, the following areas of interest emerged: 1. Supplier
management, 2. Contract management, 3. Risk Management, 4. Ethical considerations and 5.
Market Intelligence. A summary of the evidence was done for each investigated article
research and study (Table 2).

Table 2. Strategic Procurement main areas with Generative Al applicability

+— faammy) —_— 8 - <
£ 2855 2228 | sEg7| .
E| 225 Z£2%9 S X5 S
2| 82g8° S 8309 28 5 = =
S| BSa2 €585 | TEg& E
No. | Article Research/ Study E| 2528 &83g¢ | £¢5¢ g
- — o = .2 == —
IS Sc s ~ = g 2 g S®E T
S| ageg 28z2 858
[&] 8 — 2 ~
1 Ahmed et al., 2023 n n n n n
2 Alicke et al., 2021 (McKinsey) | = u u
3 Atwani et al., 2022 n n n
4 Dash et al., 2019 n n
5 Doanh et al., 2023 n
6 George et al., 2023 n n n m m
7 Gupta et al., 2023 (BCG) n [ [ [
8 Korzynski et al., 2023 n ]
9 Kumar, 2020 n n
10 | Kutzner & Caminada, 2024 n n n ] ]
(Deloitte)
11 | Lagunas etal., 2023 ] ] ] n
(Accenture)
12 | Min, 2010 n n n
13 | Nazetal., 2021 ] ]
14 | Pournader et al., 2021 ] ]
15 | Rane, 2023 n n n ] ]
16 | Riahietal., 2021 n n
17 | Tekin et al., 2024 (Capgemini) u u u u [
18 | Toorajipour et al., 2020 [ [
19 | Wamba et al., 2023 ] ]

Source: author’s own research

Moreover, to understand what would be the logical Al Implementation priorities of the
detected Procurement areas the so-called “under-the-water Procurement iceberg” side was
analysed and grouped into the above-mentioned five areas of activities. The logical inductive
theory states that the order precedence for Generative Al implementation has to be, according
to the Eisenhower matrix: the most important and the most urgent areas. Most of the research
and studies, including procurement experts, consider the ethical usage of Generative Al and
data safety as priority number one (Lagunas et al., 2023; Wamba et al., 2023). Based on this
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approach, Ethical considerations and cybersecurity are the first immediate priority and
urgency (Tekin et al., 2024). The next important to ensure global supply chain resilience, with
structured data available (macroeconomics, raw material trade indexes, countries risk indexes,
etc.) are Market intelligence and consequently Risk management mitigation. Following the
logical argumentation and only after the structuring of the existing internal data are the
Contract management and the Supplier relationship management. Table 3 showcases as
highlights the already in-place digital transformation and the existing data analytics as
structured data. On the other hand, as lowlights are considered, the situation of the
unstructured data and consequently the higher costs of the Generative Al implementation.

Table 3. Generative Al priority implementation

within Strategic Procurement focused areas

Main
NO'. Procurement Strategic Procurement activities Highlights | Lowlights
Priority
focused areas
1 Ethical = Guidelines and Ethical Regulations for Data Medium to
considerations usage of Generative Al Analytics high costs
= Cybersecurity - Data security
Digital Unstructu-
transformation|red data
2 Market = Macroeconomics and Energy Data High costs
intelligence = Countries risk index - Geopolitics Analytics
uncertainties, trade wars, global sanctions External
= Raw material availability, index prices -  |Digital platforms
Metals, Chemicals, Plastics transformation|with
= Logistics — Transportations Data
= Cyber risks — Data leakage structured
= Climate changes, Pandemic, Force majeure
3. Risk = Supply Chain Resilience Data High costs
management e Risk mitigation - Supplier delivery  |Analytics
reliability
e Risk mitigation - Supplier insolvency |Digital Unstructured
risk transformation|data
e Risk mitigation - Quality
conformance — Production
bottlenecks or process failures
e Risk mitigation - Raw material
¢ Risk mitigation — Logistics and
Transportations
e Risk mitigation — Geopolitical
uncertainties
e Risk mitigations
= Cross-functional Technical support Quality
management/ Cost value/ Design-to-Cost/
Technical product clarifications
4. Contract = Contract management Data Medium
management e Non-disclosure agreement contracts |Analytics costs
e Frame contracts/ Price agreements/
E-Auctions/ E- Bidding/ Digital
e Contract negotiations transformation|Unstructured
data

= Legal aspects contracts

= Law regulation management/ Legal
documents review

= Miscellanies — effective translations, save
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Main
NO'. Procurement Strategic Procurement activities Highlights | Lowlights
Priority f
ocused areas
time to not create but check the contents;
Minutes and summaries from real-time
transcripts
5. Supplier = Ecosystems strategies — Circle of Data Medium to
relationship commodities Analytics High costs
management = Supplier categorisation — Capabilities
assessment Digital External
= Supplier relationship management transformation|surveys
(collaboration, transparency n-tier)
e Supplier scorecard — Supplier profile Unstructured
e Supplier key performance indicators data

= Supplier financial reports

= Supplier quality development

= Sourcing — Scouting - Onboarding new
suppliers

= Request for Quotations — Bid evaluation -
Benchmarking

= Supplier Resilience — Risks and
opportunities — Competition strategies
alerts - other specific category procurement
or n-tier supply chain aspects

Source: author’s own research
4. RESULTS AND DISCUSSIONS

4.1 Ethical considerations — A prerequisite for the responsible usage of Generative Al in
strategic procurement is ethical regulation (Ahmed et al., 2023). It is important to distinguish
between correct and fake information from the very early beginning and avoid any
misguidance (Rane, 2023). According to Gupta et al. (2023), several multinational industrial
corporations have already introduced Generative Al within the procurement process based on
ethical considerations. On the other hand, as Dhoni (2023) claimed, the measure is necessary
for cybersecurity reasons and data quality. The first step to start the Generative Al journey
can only happen by securing the Generative Al service provider, and even so the returned Al-
generated answers have to be critically collected for an accurate interpretation (Korzynski et
al., 2023). Ethical guidelines and regulations are needed to ensure that should address issues
such as bias in Al algorithms, data privacy, or the potential for misuse (Wamba et al., 2023).
The companies have to figure out how to benefit from the several outcomes that Generative
Al offers (Tekin et al., 2024), and the category managers have to cross-check upfront the
information accuracy and how to minimise potential harm (Lagunas et al., 2023). IT
professionals responsible for Al development and deployment are vital to address these
ethical considerations (George et al., 2023). Developers and organisations must consider
transparency and accountability in the design and implementation of Generative Al systems
within procurement. This includes evaluating algorithms for bias and taking steps to mitigate
it, as well as being transparent about the data sources and methods used in developing
Generative Al models (Kutzner & Caminada, 2024).

4.2 Market intelligence — Category procurement strategies are highly dependent on Market

Intelligence considering that raw material prices are volatile and dependent on several factors
(Biliavska et al., 2023). Macroeconomics and geographical uncertainties play an important
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role in supply chain design, logistics, and transportation and Al can enable faster decision
making according to Alicke et al. (2021). To adapt to mitigate any risks, the category
managers have to collect the information via several country index risks or raw material
trading indexes or other specialised credible sources. Several external global platforms that
offer procurement intelligence and risk analytics, gathered from trusted sources, as shown by
George et al.’s (2023) study are now looking to automate the collecting processes through
advanced Al algorithms. These analysing market trends platforms deliver intelligence and
insights that enable companies to make smarter sourcing decisions (Doanh et al., 2023). This
support for category procurement to discover market price information, manage risks, and
provide accurate macroeconomics is handy, but it comes with a cost not negligible as claimed
by Kutzner & Carminada (2024). As highlighted by Tekin et al. (2024), the order preference
for Generative Al-powered Market Intelligence is early possible to be implemented within the
strategic procurement strategies, as an important part of the risk mitigation and ecosystems
plans. The external Market intelligence platforms with structured offered data are impacting
positively by speeding up the company's digital transformation (Gupta et al., 2023).
Implementing Generative Al is useful for increasing early risk awareness in industrial sectors
(Rane, 2023), due to climate changes, geographical uncertainties, trade wars, logistic
congestions, or raw material price volatility (www.beroeinc.com/market-intelligence). These
actions are directly impacting the global supply chain and the supplier's selection (Tekin et al.,
2024; Toorajipour et al., 2020). The implementation of Generative Al does not mean solving
all the risks, it requires a good understanding of the problematics and market trends as
stressed out by Ahmed (2023), it is needed a clear definition of the problem to be solved and
careful validation to ensure that Generative Al behaves as expected. Also, the regular
monitoring of the Al-powered model’s performance and specific updates are necessary to be
addressed, this involves additional attention and effort from the procurement (Alicke et al.,
2021).

4.3 Risk management — Risk management in procurement is vital for a sustainable business,
and Generative Al can enhance risk mitigation according to several authors and Alicke et al.
(2021). As the procurement process involves multiple stages such as supplier selection,
negotiation, contract execution by manufacturing at the supplier site, and delivery (Ahmed et
al., 2021; Pournader et al., 2021), any potential risk in these stages can significantly impact
the business operation. Risks could be assessed as low-average-severe and can occur due to a
range of reasons: supplier insolvency risk, raw material scarcity, price volatility, quality non-
conformance (Rane, 2023) and supplier fabrication failures (Dash et al., 2019), delivery
delays due to logistics (Kumar, 2020; Min, 2010) or unforeseen external factors like
geopolitical changes or natural disasters (Pournader et al., 2021). To foresee any potential
failure, the usage of Al-powered Market Intelligence is very useful for early risk awareness
and for preparation of the back-up plans. Generative Al can substantially enhance risk
mitigation by analysing a large amount of data from various sources to identify patterns and
trends, which can help in predicting potential risks. According to the authors George et al.
(2023) and Naz et al. (2021), Generative Al can monitor news and social media or other data
sources to detect early signs of geopolitical changes or other external disruptions. Basis of the
smart platforms providing Market Intelligence, this approach analyses a huge unstructured
data from the Internet, interprets and offers alerts. For instance, Al can track a supplier's past
performance and financial stability as presented by Rane (2023), to predict their reliability.
This includes tasks such as supplier scorecards as automated risk scoring of suppliers,
generation of risk reports, and implementation of mitigation strategies based on different
triggering risk situations. Further, Generative Al allows procurement category managers to
make strategic decisions that minimise risk and optimise procurement performance. The
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implementation of the Al algorithms for risk management is medium to high costs according
to Atwani et al. (2022) and is linked with the Al-powered Market Intelligence provided
model. The roadmap of the digital transformation has to consider holistic all the stages and Al
market intelligence has to be connected with risk mitigation and supplier relationship
management altogether.

4.4 Contract management — Introducing Generative Al in procurement contract management
can potentially streamline the process and reduce errors (Min, 2010), not at least, to enhance
operational efficiency (Gupta et al., 2023). Also, it helps in automating routine tasks,
identifying discrepancies or risks, ensuring compliance, and generating insights for strategic
procurement decision-making. The process requires adapting from an unstructured data input
to more structured and organised data analytics, and this could involve medium to high costs
(Alicke et al., 2021). The Al algorithms (robots or Generative Al) have to be developed based
on the existing data analytics and the required digital transformation of the company, as
pointed out by Tekin et al. (2024). The selected model could be suitable for understanding
contract languages according to the authors (Lagunas et al., 2023). During the test pilot of the
Al-powered model for contract management, the specific training involves feeding the model
with the input data and iteratively adjusting the model's parameters and improving its
performance (Lagunas et al., 2023). During the contract step process, the human presence is
highly important, and final decision-making comes from the category managers who can
consolidate the result. With the help of the Al leveraged model, the contract procurement
became able to get contract results faster and errorless (Atwani et al., 2022) including all the
needed law regulations and specific risk mitigation clauses (Kutzner & Carminada, 2024).
This helps procurement professionals further with contract negotiation and manage supplier
relationships effectively, as highlighted by Ahmed et al. (2023). Procurement E-auctions are
also part of the scope of the Al automated process (Waseem et al., 2024), including
communication, commercial, and technical verifications, and eventually automated processing
steps (Lagunas et al., 2023). Several studies and bibliometric analyses show the success
factors within the areas of contract procurement and supply chain as presented by Riahi et al.
(2021). The contract tracking is eased by digitally established reminders and milestones
(Atwani et al., 2022; George et al., 2023). By continuously strengthening the contract
management, “it can be realised the maximum value while safeguarding interests” according
to George et al. (2023).

4.5 Supplier relationship management - Generative Al can play a significant role by
supporting procurement in decision-making, as highlighted by several research and studies
(Dash et al., 2019; Min, 2010), mainly by fast processing of a multitude of data inputs
(Kumar, 2020; Lagunas et al., 2023). Using this vast amount of data related to the supplier,
prices, quality, delivery, reliability according to Pournader et al. (2021), Generative Al can
generate a comprehensible supplier profile and rank the suppliers based on pre-defined
criteria. Also, by analysing the historical data and current market intelligence and trends, the
Al algorithms can predict potential risks associated with supplier financial instability or non-
compliance with requirements or regulations. Several studies have shown these predictive
approaches (Doanh et al., 2023; Riahi et al., 2021). The supplier management relationship is
meant to be human entirely but, in the background, the Al support could improve the
reliability and the adherence to the requirements and highly motivate the supplier. For
example, Engineering or quality performance monitoring by Al-powered CAD analysis and
simulation is highly beneficial to achieve product compliance at suppliers (Korzynski et al.,
2023) and with these manufacturing, further costs decrease and faster delivery reliability
(Dijmarescu, 2023). Any support in the early production stage at the supplier facility is a
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value multiplier, and eventually the supplier will choose to partner with those customers
which are Al-powered companies. Driving continuous supplier development also benefits
from analytical capabilities in identifying performance gaps as claimed by George et al.
(2023). Additionally, an accurate forecast of the demand helps the supplier’s planning (Alicke
et al., 2021) and manufacturing (Pournader et al., 2021), and further the logistic (Toorajipour
et al., 2020; Wamba et al., 2023). According to Verma et al. (2020), supply chain resilience
and performance have become increasingly important in subsequent pandemics and crises.
The supplier resilience depends on the entire supply chain's resilience and reliability as
emerged from the Naz et al.’s study (2021) and further, based on the supplier management
relationship, the transparency of the subsequent tiers is essential for early risk mitigation or
other business opportunities. Fostering positive supplier relationships requires constantly
engaging with suppliers to align objectives, and mostly to identify improvement areas,
according to the authors (George et al., 2023). The role of the category manager in supplier
relationship management based on trust (Pournader et al., 2021), with specific skills and
expertise, is important to lead the supplier management and if “the input is Al-powered this
brings ambidexterity” as cited from Tekin et al. (2024).

5. CONCLUSIONS

Utilising Generative Al can change radically the category management approach and several
studies showed that the benefits of the implementation outweigh the efforts put into its
implementation. There are many authors with divisive debates about the advantages, costs and
risks that come with it. The key advantages of the new technology are the economic gains
generated by increased productivity through automation and efficient activity, optimising
category management. However careful attention is needed to ensure the proper use of the Al
algorithms, including data privacy and ethical considerations. Embracing Generative Al in
category management can lead to significant improvements in efficiency and profitability.

The procurement iceberg theory suggests that there are just a few visible areas for the usage
of Generative Al with many more difficulties to approach. These so-called ‘underwater'
procurement areas (supplier relationship management, contract procurement, risk
management, market intelligence, and ethical regulations) include the strategic procurement
areas where category professional roles are essential, and the Generative Al implementation
will bring value added. The article provides the logical priority of the implementation,
starting with the ethical consideration as a prerequisite in every aspect of the strategic
procurement. This ensures the responsible use of Al by promoting transparency and avoiding
bias. The next important area is Market intelligence and the raised awareness needed to
predict disturbances and mitigate risks. Risk mitigation, supplier relationship management,
and contract management are next to be empowered by the digital transformation of the
companies and Generative Al-powered strategic procurement.

In all these areas, the main advantage of using Generative Al appeared to be its ability to
analyse large amounts of data and generate useful insights for category management.
However, it is very important to remember that the success of Al in these areas depends on
the quality of the data used and the appropriateness of the Al model chosen, not last of the
new skills the category managers are to be learned and for further development. There are
several common misconceptions about Al and Machine Learning that further studies need to
address, such as the fear that Al algorithms will replace human jobs. While it is true that Al
and Machine Learning can automate certain tasks, they also create new job opportunities and
enhance procurement productivity for category managers. For example, several companies
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have already invested in digital transformation and Al, allowing category procurement to
focus on supplier relationship management and more complex tasks. This collaboration
between humans and Al systems is critical for successful implementation and achieving the
expected results.

REFERENCES

Ahmed, A., Dabral, S., Bahuguna, D., Kaur, J., & Singh, B. (2023). Artificial Intelligence's
Integration in Supply Chain Management: A Comprehensive Review. European
Economics Letters, 13(3), 1512-1527

Alicke, K., Dilda, V., Gorner, S., Mori, L., Rebuffel, P., & Reiter, S. (2021, April 30).
Succeeding in the Al supply-chain revolution. McKinsey&Company. Metals and Mining
Practice. Retrieved April 30, 2021 from https://www.mckinsey.com/industries/metals-
and-mining/our-insights/succeeding-in-the-ai-supply-chain-revolution

Assur, N., & Rowshankish, K. (2022, January 28). The data-driven enterprise of 2025.
Quantum Black Al by McKinsey. Retrieved January 28, 2022 from
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-data-driven-
enterprise-of-2025

Atwani, M., Hlyal, M., & Elalami, J. (2022). A Review of Artificial Intelligence Applications
in Supply Chain. ITM Web of Conferences 46. International Conference on Engineering
and Applied Sciences (ICEAS ’22), https://doi.org/10.1051/itmconf/20224603001

Belhadi, A., Mani, V. Kamble, S.S., Khan, S.AR., & Verma, S. (2020).
Artificialintelligence-driven innovation for enhancing supply chain resilience and
performance under the effect of supply chain dynamism: an empirical investigation.
Springer. Annals of Operations Research, (333), 627-652.

Burlakova, 1.V., & Ruzhanskaya, L.S. (2020). Category Management in manufacturing
companies: new application of an old retail practice. International Journal of Advanced
Science and Technology, 29(8), 2099-2107.

Biliavska, Y., Mykytenko, N., Romat, Y., & Biliavskyi, V. (2023). Category management:
Industry versus trade. Scientific Horizons, 26(1), 129-150.

Chowdhury, P., Paul, S.K., Kaisar, S., & Moktadir, M.A. (2021). COVID-19 pandemic
relatedsupply chain studies: A systematic review. Elsevier. Transportation Research Part
E Logistics and Transportation Review 148, 1-26, https://doi.org/10.1016/j.tre.
2021.102271

Dash, R., McMurtrey, M., Rebman, C. & Kar, U.K. (2019). Application of Artificial
Intelligence in Automation of Supply Chain Management. Journal of Strategic
Innovation and Sustainability, 14(3), 43-53.

Dhoni, P.S. (2023, November 07). Enhancing Data Quality through Generative Al: An
Empirical Study with Data. TechRxiv. https://doi.org/10.36227/techrxiv.24470032.v1
Dijmarescu, E. (2023). Al trends: Salient aspects for the manufacturing sector and its global
supply chain. 9th BASIQ International Conference on New Trends in Sustainable

Business and Consumption, 168-175, https://doi.org/10.24818/BASIQ/2023/09/053

Doanh, D.C., Dufek, Z., Ejdys, J., Ginevicius, R., Korzynski, P., Mazurek, G. et al. (2023).
Generative Al in the Manufacturing Process: Theoretical Considerations. Sciendo.
Engineering Management in Production and Services, 15(4), 76-89.

Dziopa, F., & Ahern, K. (2011) A Systematic Literature Review of the Applications of
Q-Technique and Its Methodology. Methodology: European Journal of Research
Methods for the Behavioral and Social Sciences, 7(2), 39-55, https://doi.org/
10.1027/1614-2241/a000021

371


https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-data-driven-
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-data-driven-
https://doi.org/10.1016/j.tre

Eleonora DIJMARESCU

Feuerriegel, S., Hartmann, J., Janiesch, C., & Zschech, P. (2023). Generative Al. Springer.
Business & Information Systems Engineering, 66, 111-126, https://doi.org/10.1007
/s12599-023-00834-7

George, A.S., George, As. H., & Baskar, T. (2023). Leveraging Al to Revolutionize
Procurement: ChatGPT's Hidden Potential to Transform the Procurement Iceberg.
Partners Universal International Innovation Journal, 1(6), 110-131.

Generative Al — Al for Enterprises Cheat Sheet. (2024) Retrieved from
https://www.linkedin.com/posts/genai-works_ai-productivity-innovation-activity-
7156292125247062016-AToj/

Gupta, A. (2023). Responsible Al. BCG Artificial Intelligence. Retrieved from
https://www.bcg.com/capabilities/ artificial-intelligence/responsible-ai

Kaushik, M., Sathe, M., Mary, S.S.C., Singh, B., Tiwari, M., & Kakade, R.P. (2023). A Review
of Artificial Intelligence Applications in Supply Chain Management. BioGecko, 12(1).

Korzynski, P., Mazurek, G., & Krzypkowska, P. (2023). Artificial intelligence prompts
Engineering as a new digital competence: Analysis of generative Al technologies such as
ChatGPT. Entrepreneurial Business and Economics Review, 11(3), 25-38,
https://doi.org/10.15678/EBER.2023.110302

Krenkova, E., & Sato, A. (2021). How software robots can facilitate the procurement process?
A case study of Siemens in the Czech Republic. Entrepreneurial Business and
Economics Review, 9(3), 191-203, https://doi.org/10.15678/EBER.2021.090312

Kumar, M. (2020). Artificial intelligence is bringing the supply chain to new frontiers.
International Journal of Management, IT & Engineering, 10(5), 224-231.

Kutzner, M., & Caminada, T. (2024). How Generative Al will transform Sourcing and
Procurement Operations. The next disruptor for Source-to-Pay processes is here.
Deloitte, 2024, Retrieved from https://wwwz2.deloitte.com/ch/en/pages/strategy-
operations/articles/how-generative-ai-will-transform-sourcing-and-procurement-
operations.html

Lagunas, J.R., Gimeno, R., Fuhrmann, R.P., Morales. K., Bajaj, N., Dufour, L., & Garcia,
A.B. (2023). A new era of generative Al for everyone — Inspiring smarter buying: How
generative Al will reinvent sourcing and procurement. Generative Al will reinvent
sourcing and procurement - Accenture, 2023, Retrieved from https://www.accenture.com/
content/dam/accenture/final/accenturecom/document/Accenture-Generative-Al-Sourcing-
and-Procurement.pdf

Lorentz, H., Aminoff, A., Kaipia, R., Pihlajamaa, M., Ehtamo, J., & Tanskanen, K. (2020).
Acquisition of supply market intelligence — An information processing perspective.
Journal of Purchasing and Supply Management, 26(5), https://doi.org/
10.1016/j.pursup.2020.100649

Min, H. (2010). Artificial intelligence in supply chain management: Theory and applications.
International Journal of Logistics Research and Applications, 13(1), 13-39,
https://doi.org/10.1080/13675560902736537

Naz, F., Agrawal, R., Kumar, A., Gunasekaran, A., Majumdar, A., & Luthra, S. (2023).
Reviewing the Applications of Artificial Intelligence in Sustainable Supply Chains:
Exploring Research Propositions for Future Directions. Wiley. Business Strategy and the
Environment, 31(5), 1-24, https://doi.org/10.1002/bse.3034

Naz, F., Kumar, A., Majumdar, A., & Agrawal, R. (2021). Is artificial intelligence an enabler
of supply chain resiliency post COVID-19? An exploratory state-of-the-art review for
future research. Springer. Operations Management Research, 15, 378-398,
https://doi.org/10.1007/s12063-021-00208-w

372


https://doi.org/10.1007%20/s12599-023-00834-7
https://doi.org/10.1007%20/s12599-023-00834-7
https://www.linkedin.com/posts/genai-
https://www.bcg.com/capabilities/%20artificial-intelligence/responsible-ai
https://doi.org/10.15678/EBER.2021.090312

Management and Economics Review Volume 9, Issue 2, 2024

Pournader, M., Ghaderi, H., Hassanzadegan, A., & Fahimnia, B. (2021). Artificial
Intelligence Applications in Supply Chain Management. Elsevier. International Journal
of Production Economics, 241, 1-63, https://doi.org/10.1016/j.ijpe.2021.108250

Rane, N. (2023). Role of ChatGPT and Similar Generative Artificial Intelligence (Al) in
Construction Industry. SSRN Electronic Journal, http://dx.doi.org/10.2139/ssrn.4598258

Riahi, Y., Saikouk, T., Gunasekaran, A., & Badraoui, I. (2021). Artificial Intelligence
applications in supply chain: A descriptive bibliometric analysis and future research
directions. Elsevier. Expert Systems with Applications, 173,
https://doi.org/10.1016/j.eswa.2021.114702

Shekhar, A., Prabhat, P., Yandrapalli, V., Umar, S., Abdul, F., & Wakjira, W.D. (2023).
Generative Al in Supply Chain Management. International Journal on Recent and
Innovation Trends in Computing and Communication, 11(9), 4179-4185.

Tekin, K., Van Dijk, D. & Gannon, T. (2024). Intelligence makes the difference. Capgemini.
Intelligent Procurement Study 2024. Retrieved from https://www.capgemini.com/insights
research-library/intelligent-procurement-study-2024/.

The Art and Science of Working with Al (2024). Microsoft, Retrieved from
https://www.microsoft.com/en-us/worklab/the-art-and-science-of-working-with-ai/

Toorajipour, R., Sohrabpour, V., Nazarpour, A., Oghazi, P., & Fischl, M. (2021). Artificial
intelligence in supply chain management: A systematic literature review. Elsevier.
Journal  of Business  Research, 122, 502-517, https://doi.org/10.1016/
j.jbusres.2020.09.009

Verma, M. (2023). Integration of Al-Based Chatbot (ChatGPT) And Supply Chain
Management Solution to Enhance Tracking and Queries Response. IJSART, 9(2), 60-63.

Wamba, S.F., Queiroz, M.M. Jabbour, C.J.C., & Shi, C. (V.) (2023). Are both generative Al
and ChatGPT game changers for 21st-Century operations and supply chain excellence?
Elsevier. International Journal of Production Economics, 265,
https://doi.org/10.1016/j.ijpe.2023.109015

Waseem, M., Das, T., Paloniemi, T., Koivisto, M., Rasanen, E., Setala, M. et al. (2024).
Artificial Intelligence Procurement Assistant: Enhancing Bid Evaluation. Springer.
International  Conference on  Software Business, LNBIP 500, 108-114,
https://doi.org/10.1007/978-3-031-53227-6-8

Xiao, Y., & Watson, M. (2019) Guidance on Conducting a Systematic Literature Review.
Journal of Planning Education and Research, 39(1), 93-112, https://doi.org/
10.1177/0739456X17723971

373


https://doi.org/10.1016/j.ijpe.2021.108250
https://doi.org/10.1016/j.ijpe.2023.109015
http://dx.doi.org/10.1177/0739456X17723971

